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The DISRPT 2025 Discourse Relation Classification task aims to classify both explicit and implicit 
discourse relations, encompassing a wide variety of data from 16 different languages and 6 distinct 
annotation frameworks.
We tested two architectures – one based on an encoder model and one based on a decoder. 
Our final submission, DeDisCo (Decoder-based Discourse Cognoscente), is a decoder-only system, 
fine-tuned with instruction prompts for multilingual discourse relation classification.

Introduction

Features:
● Language Corpus Framework (LCF):  

Incorporate metadata into the input.
● DisCoDisCo Features (Gessler et al., 

2021): 
Selectively incorporate a subset of 
potent, hand-crafted discourse 
features from the DisCoDisCo 
system to improve classification 
accuracy.

● Direction: 
Encode the explicit relation direction 
(e.g., 1 > 2), provided directly by a 
dedicated column in the dataset, as 
a key input feature.

● Context: 
Expand the model’s input to include 
the surrounding text of the two 
segments, providing it with essential 
context information.

Approach
Data Augmentation:
Targeted data augmentation was used to enhance 
performance for six languages with limited training data and 
low accuracy: Czech (ces), Dutch (nld), French (fra), Basque 
(eus), German (deu), and Persian (fas), covering a total of 
seven datasets.

Figure 1: Illustration of Data Augmentation Strategy.

We selected Qwen3-4B model, instructing it to 
select the correct label from a predefined set 
provided in the prompt.
Pruning: We pruned the Qwen3-4B model via 
layer removal to meet the task's parameter limit.
Supervised Fine-Tuning: We performed 
full-parameter supervised fine-tuning on the 
model, using the task-specific dataset 
reformatted into instruction prompts.

Decoder (DeDisCo)
We selected the mT5‑XL variant, comprising 3.7 
billion parameters. We used only the encoder and 
added a classification head.
Feature Injection via Input Tokens: 
● We prepended LCF features as special input 

tokens, so that the model can incorporate this 
metadata directly in its tokenized input 
sequence.

● We encoded DisCoDisCo feature set, which 
capture properties such as whether the units 
are full sentences, whether the relation is 
discontinuous, and whether the two units 
share the same speaker, as explicit key-value 
tokens.

● We implemented pseudo-directional features 
from DisCoDisCo. These directional cues are 
lightweight but informative, and help 
disambiguate argument structure across 
instances.

The resulting input sequence is organized as 
follows: metadata (LCF features), followed by 
categorical DisCoDisCo features, and finally the 
target argument span:

LANG_eng FW_erst CORP_gum [SEP] 
IS_SENTENCE_1 DISCONTINUOUS_0
SAME_SPEAKER_1 GENRE_academic [SEP] } 
Aesthetic Appreciation and Spanish 
Art: > Arg2: In this study we used 
eye-tracking in the first stage

mT5 Encoder

Figure 2: Illustration of the Prompt used in Qwen3-4B 
experiments,see paper for full prompt.

Results

Error Analysis

Table 1: Accuracy on 38 test corpora (bold: encoder > 
decoder; underline: data augmentation applied).

Figure 3: Confusion matrix over the entire dataset.

Figure 4: Confusion matrix for lowest-scoring dataset, 
ces.rst.crdt.
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