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segments, providing it with essential .

context information. Figure 1: lllustration of Data Augmentation Strategy.
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Table 1: Accuracy on 38 test corpora (bold: encoder >

decoder; underline: data augmentation applied).
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Pruning: We pruned the Qwen3-4B model via
layer removal to meet the task's parameter limit.
Supervised Fine-Tuning: We performed
full-parameter supervised fine-tuning on the
model, using the task-specific dataset

Feature Injection via Input Tokens:

e We prepended LCF features as special input
tokens, so that the model can incorporate this
metadata directly in its tokenized input
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reformatted into instruction prompts.
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## Role and Goal:
‘You are an expert in discourse analysis,
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e We encoded DisCoDisCo feature set, which
capture properties such as whether the units
are full sentences, whether the relation is
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‘accurately determine the relationship tokens. pred

Figure 3: Confusion matrix over the entire dataset.

‘between these two units.
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We implemented pseudo-directional features
from DisCoDisCo. These directional cues are
lightweight but informative, and help
disambiguate argument structure across
instances.

## Guidelines:

1. You will receive Unitl and Unit2. Unitl
‘appears before Unit2 in the original text.
i2. You will also be informed about the
:language of these units.

3. You will also be informed of the corpus
from which the data is drawn, which may
thelp guide your analysis.
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The resulting input sequence is organized as
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Figure 4: Confusion matrix for lowest-scoring dataset,

ces.rst.crdt.

Figure 2: lllustration of the Prompt used in Qwen3-4B
experiments,see paper for full prompt.



